Investigation of E-Health Acceptance Factor by Purnawati, Ni Wayan et al.
  
JURNAL INFOTEL 
Informatics - Telecommunication - Electronics 
Website Jurnal : http://ejournal.st3telkom.ac.id/index.php/infotel 
ISSN : 2085-3688; e-ISSN : 2460-0997 
 
 
  45 
Jurnal Infotel Vol.10 No.2 May  2018 
https://doi.org/10.20895/infotel.v10i2.360  
Investigation of E-Health Acceptance Factor 
Case Study in Rural Area of Central Kalimantan 
Ni Wayan Purnawati 1, Djoko Budiyanto Setyohadi 2, Suyoto 3 
1,2,3 Universitas Atma Jaya Yogyakarta 
1,2,3 Caturtunggal, Depok, Sleman District, Yogyakarta 55281, Indonesia  
1 Corresponding email: niwayan.purna@gmail.com  
Received 23 March 2018, Revised 03 May 2018, Accepted 04 May 2018 
Abstract - The E-Health is used to support information technology to maximize the tasks and medical services in 
the hospital. However, the hospital’s management still have some issues due to E-Health implementation, 
particularly in the interaction with the system. This study identifies significant factors affecting the implementation 
of E-Health. Testing a model has been done, to identify factors affecting E-Health acceptance. Quantitative 
Research methods has been done is implemented in this research, by conducting a survey of 150 respondents on 
health practitioners in the District Hospital of Gunung Mas Province of Central Kalimantan. Random Sampling 
Method has been done is performed by doctors, nurses, medical record officers, and midwives. Meanwhile, model 
testing has been done with Structural Equation Model (SEM) analysis technique. The results of this study show 
that computer self-efficacy factor is the most powerful factor influencing user's opinion about perceived ease of 
use and perceived the usefulness of E-Health   (significant p <0.05), followed by compatibility, top management 
support, information quality, system quality, facilitating condition, service quality, complexity, and adaptability. 
Hospital management needs to work together as a team effort to medical practitioners to apply E-Health in 
hospitals. Supports and awareness from various parties, such as government, IT support, and resources are 
expected to help implement E-Health in rural areas. The result of this study could be a decision in taking steps to 
implement E-Health in the future, in order to improve services of people in rural areas. 
Keywords – E-Health, Technology Acceptance Model, Hospital, Rural.  
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I.  INTRODUCTION 
The E-Health technology is defined as medical 
services based on information technology and health 
communication. The E-Health support health assistance 
on communities, particularly in rural areas. 
Implementation of E-Health   is an effort to improve the 
flow of information with electronic media to support the 
management of systems and health services [1]. The 
development of E-Health   is also done in the process of 
disease observation through a scan in a rapid process 
[2]. Implementation of E-Health   can improve service, 
efficiency, quality, and can reduce health costs [3].   
The development of E-Health   technology can 
overcome the lack of specialist doctors in local 
hospitals by using telemedicine [4]. Implementation of 
E-Health   allows patients not to travel long distances to 
get health services [5]. The use of E-Health   technology 
more emphasis on empowerment of individuals with 
the chronic disease to actively engaged in managing 
their health [6]. The E-Health   has been adopted in 
some countries [7]–[9], but are still lacking in Indonesia 
to adopt E-Health   technologies.  
In research conducted by [11], [12], shows that user 
factors play an important role in realizing the quality of 
service performance of a health organization.  
The purpose of this study is to identify the affecting 
factors of E-Health acceptance for medical practitioners 
at Gunung Mas Hospital in Central Kalimantan. It is 
expected to improve the understanding of individuals 
and management about the use of E-Health in 
performing services in hospitals. Hospital management 
can make evaluations and recommendations in 
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implementing E-Health based on these factors. To 
achieve this, Technology Acceptance Model (TAM) 
will be implemented in this research. 
Technology Acceptance Model (TAM) is a model 
built to determine the factors that affect user acceptance 
of a computer-based technology. This model was 
proposed by Davis, Fred D. in 1989 [13]. The TAM 
model is built upon the development of Theory of 
Reaction Action (TRA) to explain the relationship 
between attitude and volitional behavior [14]. This 
relates to a person's motivation to display a reaction 
based on intent. The construction of the TAM model 
has been proven to understand and explain the 
perceived usefulness (PU) and perceived ease of use 
(PEOU) of users, on the implementation of information 
technology. The use of TAM has been tested in 
empirical research and can rely on as it can provide a 
basis for external variables, perceived usefulness and 
perceived ease of use [11], [15]–[17].  
In research conducted by [11], research was 
conducted on medical staff in private and government-
owned hospitals. Handayani et al, adopted TAM model 
from [18] with its constructs consisting of external 
variables, perceived usefulness, perceived ease of use, 
and acceptance of the Hospital Information System 
(HIS). The results of these studies prove that non-
technological factors influence PU, PEOU and HIS 
acceptance.  
 
Empirical research is done by [18], the study was 
conducted to investigate the factors that affect the 
reception of nurse anesthesia on Pain Management 
Decision Support Systems (PM-DSS). The results of 
the study prove that the perception of the nurse 
anesthesia affects the acceptance of Pain Management 
Decision Support Systems.  
Chung-Fei Liu, et al (2013) [19], conducted a study 
with TAM to find out factors affecting patient 
acceptance of a personal health record system (PHR). 
The results of the study prove that the Patient-Physician 
Relationship (PPR) affects patient and PEOU, PU 
toward PHR.   
Further research was conducted by R.Gajayanake, 
et al, (2016) [20], this study uses Technology 
Acceptance to identify factors that affect the acceptance 
of Health Professionals to Accountable-eHealth (AcH) 
System. Moderation in the study proved to affect 
perceptions of intentions of health professionals against 
AcH System.  
This study also adopted from previous research 
related to the theory of technology acceptance [14], 
[21]–[23]. Previous research [24], using TAM to assess 
PU and PEOU on health professionals for online 
counseling. The results of the study indicate that the 
intent of use and perceived usefulness (PU), 
significantly predict the intentions of use and correlate 
influence with perceived users. 
There are 4 main constructs of TAM theory: 
external variables, perceived usefulness, perceived ease 
of use, and system acceptance. The TAM approach 
provides the flexibility to add external factors that affect 
technology acceptance. This study will adopt the 
conceptual model of user acceptance from Handayani 
et al, (2016) [11]. 
The conceptual model in this study will be modified 
as shown in Fig.1, external factors are categorized into 
4 sections: Human Characteristic, Organizational 
Characteristic, Technology Characteristic, and 
Innovation Characteristic. 
 
Figure 1. Conceptual Model of  E-Health User Acceptance
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Human characteristic reflects computer self-
efficacy (CSE), and Compatibility (COMP). 
Organizational characteristic consists of Top 
Management Support (TMS), User Involvement (UIV), 
Training (TR), and Facilitating Condition (FC). 
Technology Characteristic will reflect Information 
Quality (IQ), System Quality (SQ), and Service Quality 
(SEQ), the latest Innovation Characteristic there are 2 
i.e. Complexity (CP) and Adaptability (AD). In total, 
there are 11 external factors, which are part of TAM in 
this study. 
Computer self-efficacy is defined as the self-
assessment of health workers over its ability to use       
E-Health systems to complete clinical work or task.  
CSE becomes an important factor because it becomes 
an influence on the TAM model. Compatibility is 
defined the consistent level of innovation based on the 
necessities, values, and experience of the adopters [11], 
[18], [25]. The compatibility factor refers to the level of 
system application consistent with the previous user, 
needs, and experience. Previous research has found that 
compatibility is a significant factor affecting the 
individual's desire to adopt technological innovation 
[25]–[27].       
Top management support related to professional 
stakeholders, which consists of organizational structure, 
leadership, and medical personnel [18]. User 
involvement is defined as greater user engagement in 
the design, implementation, and evaluation of IT health 
[18]. In research conducted by [11], user involvement 
is defined as the user's active participation in design, 
communication, and training processes. 
Training is defined as a way, to introduce ICT in an 
effort to improve user performance. In previous 
research, training became an important factor that can 
affect the level of computer skills, care, and build ICT 
infrastructure as an effort to improve health services 
[28]–[30].  
In research conducted by [31], Facilitating 
condition is defined as one of the supporting resources 
of objective factors that can make certain behavior to 
be easy to adopt the technology. Previous research 
understands that facilitating condition is a supporting 
factor of E-Health   implementation [15], [32]–[34].  
Another factor, System quality is defined as the 
level of software excellence and focuses on the 
consistency of the user interface, the level of system 
response, archiving, and bug-free system [11]. Other 
studies understand, that the quality of the system also 
includes reliability and system security [18]. 
Quality of information is defined as the level of 
excellence an information generated by the software. 
The quality of information focuses on the difficulties 
associated with accuracy, timeliness, information 
format, and relevance generated by the system [11]. 
Previous research has proven that the quality of 
information is important in the application of E-Health   
[35], [36].   
Service quality refers to all support provided by the 
department, or resource provider [37]. The quality 
level is defined as Measuring the quality of system 
services from the user's view, for example, managing 
online registration skills and the breadth of service 
information provided by the hospital [38].  
Furthermore, complexity is a complicated factor 
such as slow system performance that is difficult to use, 
the work involved in transferring records between two 
systems, the inability to provide real-time access, slow 
speed, unplanned downtime and connectivity issues 
will affect system implementation [26]. Other studies 
also assess that complexity is an important factor that 
affects user acceptance in adopting technology [15], 
[39].  
The last factor is adaptability where the technology 
is updated, to be able to customize the design with local 
context [26]. Adaptability is also defined as 
Adaptability, i.e. willingness to try new things and take 
risks  [40].  
In an effort to improve health services in rural 
areas, this research will focus on the perceived human, 
organizational, technology, and innovation at Gunung 
Mas District Hospital, Central Kalimantan. 
II. RESEARCH METHOD  
This research will be conducted at Gunung Mas 
District Hospital, Central Kalimantan. Locations are 
chosen because Hospitals will gradually implement E-
Health to support information technology in hospitals. 
Paper-based surveys have been done conducted on 
medical practitioners such as physicians, clinical 
stakeholders and units, nurses, midwives, and medical 
record staff, questionnaire data collection was done, as 
many as 150 respondents medical staff based on the 
random sampling approach. Questionnaires in 
previous studies [11], [18] related to the acceptance of 
health technology systems will be used in this study.  
Measurement by Likert scale will be used in this 
study, each parameter has a value based on 5 Positive 
Point. The tool used in this TAM research consists of 
41 instruments (as shown in table 1): 6 Items for 
Human Characteristic, 12 Items for Organizational 
Characteristic, 9 items for technology characteristic, 6 
items for innovation characteristic, 3 items for PEOU, 
3 items for PU and 2 items for E-Health Acceptance 
(EA). 
Table 1. Questionnaire 
Variable Item Question 
Perceived 
usefulness 
PU1 E-Health   can improve the 
effectiveness of my work. 
 PU2 E-Health   will be fully useful for 
my work. 
 PU3 E-Health   can improve my 
productivity. 
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Variable Item Question 
Perceived ease 
of use 
PEOU1 I would be easy using E-Health   
 PEOU2 I would find it easy to use E-Health   
to do my work. 
 PEOU3 It would be easier for me to be an 
expert, in using E-Health  . 
Computer 
self-efficacy 
CSE1 I can do work with E-Health   if I 
have never used the system before 
 CSE2 I can do the job using E-Health   if 
I already use the same system 
before someone does the same job 
with E-Health   
 CSE3 I have the ability to operate E-
Health   
Compatibility  COMP1 Use E-Health   according to the 
way I work 
 COMP2 Use E-Health   according to my 
practice preference 





TMS1 Top managers provide support for 
the adoption of new technology 
 TMS2 Top managers have an active 
participation in the E-Health 
decision-making process 
 
 TMS3 Top managers provide an adequate 




UIV1 I was involved in the 
corresponding process of E-Health   
socialization. 
 UIV2 I am involved in designing E-
Health   needs. 
 UIV3 I was involved in the 
implementation of E-Health  . 
Training  TR1 I got the training related to E-
Health  . 
 TR2 I can actualize the results of 
training related to E-Health, so I 
can use E-Health.  




FC1 The device needed for E-Health   
are readily available. 
 FC2 I have some knowledge of E-
Health  , so I can use the E-Health  
. 
 FC3 There are a few people or a certain 
group will help me when I have 
difficulties in using E-Health.  
System quality SQ1 E-Health provides timely 
information.  
 SQ2 The system is reliable, despite 
system failures. 
 SQ3 The E-Health   security to prevent 
unauthorized access to patient data 
is already effective. 
Variable Item Question 
Information 
quality 
IQ1 E-Health is powerful in integrating 
data from multiple sources.   
 IQ2 I feel information that is processed 
with E-Health, will be more 
accurate.  
 IQ3 I feel the information conveyed by 
E-Health, will be well formatted.  
Service 
quality  
SEQ1 The data I entered, easy to upload 
to the central processing system. 
 SEQ2 Data from E-Health   pain can be 
trusted. 
Complexity  CP1 E-Health   is too difficult to learn. 
 CP2 E-Health   is difficult because it has 
many features. 
 CP3 It is too difficult to remember the 
steps. 
Adaptability  AD1 I can follow what is discussed 
during training.  
 AD2 I can follow any changes to the 
system. 
 AD3 I can receive and learn well any 
changes in the system. 
E-Health   
Acceptance 
EHA1 I easily adjust each stage change 
from the organization. 
 EHA2 I easily adjust any development of 
the system.  
III. RESULT 
A. Demographic Data 
The population in this study, are medical staff 
working in District Hospitals in Gunung Mas district, 
Central Kalimantan. Respondents in this study namely 
medical record employees, nurses, doctors, and 
midwives. The sample of 150 respondents has been 
done by using probability sampling technique. The 
number of samples used here is the smallest number of 
samples by using random sampling. 
Table 2. Respondent Profile 
Profile Amount Percentage 
Sex   
Male 70 47% 
Female 80 53% 
Age   
<20 2 1% 
20-30 46 31% 
31-40 41 27% 
41-50 18 12% 
>50 43 29% 
Position   
Doctor 30 20% 
Nurse 58 39% 
Administration 28 19% 
Midwife 9 6% 
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Profile Amount Percentage 
Pharmacist 25 17% 
The ability to use a 
computer 
  
Never 25 17% 
Below Average 41 27% 
Average 68 45% 
Upper Average 16 11% 
The data presented in Table 2 is the result of the 
distribution of paper-based questionnaires at the 
Gunung Mas District Hospital, Central Kalimantan. 
Based on 150 questionnaire data, 53% are women 
where the highest medical staff are women. Productive 
age range in 20-30 years old. Therefore, we assume 
that there will be no difficulty in the implementation of 
E-Health because of productive and young workers.  
B. The Measurement Model 
In this study to test the model theory using 
structural equation modeling (SEM) and WarpPLS 5.0. 
SEM techniques are more popular in Information 
Systems research. SEM technique is based on Partial 
Least Square (PLS) which can provide a visual relation 
between hypothesis and variable [39]. By using PLS 
approach in this research consists of 2 stages. The first 
stage evaluates the value of the instrument by 
investigating the reliability and determining the 
validity of the construct. As for the second stage will 
display the level of significance in the phase of the 
coefficient model to test the relevant hypothesis. 
Previous research has also used Wrap PLS version 5.0 
to analyze and measure user acceptance of technology 
[41]–[43].  
After the data for sample measurement has been 
filled, then do the model structure measurement with 
validity and reliability test. The WarpPLS 5.0 tool 
provides validity testing using Cronbach Alfa (CA), 
composite reliability (CR) and average extracted 
variance (AVE). While reliability test can be seen on 
AVE matrix.  
In WarpPLS 5.0 Testing CR, CA and AVE can be 
shown as in Table 3. The value on Cronbach alpha will 
increase with the number of indicators used, and often 
slightly lower than Composite Reliability (CR). The 
acceptable value at which CR> CA, the results of this 
study is in accordance with the standards. As for the 
variable reliability measure, the acceptable CR is ≥ 0.7. 
Based on Table 3, CR has a distance of 0.777 to 0.917 
and is in accordance with the recommended value. For 
the validity assessment of AVE, it is used in 
conjunction with the matrix correlation in Appendix 1, 
this shows that each variable has a square root higher 
than the average value of variance extracted rather than 
the correlation with other variables [44]. AVE has a 
recommended standard of> 0.5. Based on Table 3 AVE 
has a distance of 0.538 to 0.786 and the relationship 
with the matrix (Appendix 1) also shows acceptable 
values. 
Table 3. Reliability and Validity Test. 
Furthermore, that is to test the model and quality 
indices. A total of 4 models of fit and quality indices 
have been provided: Average path coefficient (APC), 
Average R-Square (ARS), Average adjusted R-
squared (AARS) and Tanenhaus GoF (GoF) as seen in 
Table 4. 
 Table 4. Model Fit and Quality Indices 
Statistic  p-value Value  Conclusion  
APC = 0,007 0,175 Acceptable 
ARS < 0,001  0,760 Acceptable 
AARS < 0,001 0,757 Acceptable 
GoF - 0,713 Large 
 
Based on the results of these tests, the data 
collected is already normal. Table 4 shows the p-value 
on APC, APS, and AARS showing <0.05, which 
means significant and normal.   
Test data normality has been done. The next step is 
to test the explanatory model with GoF testing. GoF is 
defined as the strength of the model structure [45]. 
Wetzels et al, [46], proposes a threshold against GoF: 
small if  ≥ 0.1, medium if  ≥ 0.25 and large if  ≥ 0.36. 
In this study can be seen in table 4, GoF > 0,36 (value 
0,713) which is categorized as large. The last one is 
testing the hypothesis by comparing the path 
coefficient and p-value based on the indicator. 
C. Hypotheses Testing 
At this stage, is to test the hypothesis by looking at 
the value of Path coefficient and P value, with a 
significant standard value <0.05. If the level is 
significant <0.05 then the hypothesis is accepted 
whereas if> 0,05 then the hypothesis is rejected.    
 CA CR AVE 
PU 0,822 0,894 0,738 
PEOU 0,751 0,859 0,671 
CSE 0,730 0,849 0,657 
COMP 0,787 0,878 0,708 
TMS 0,726 0,846 0,647 
UIV 0,777 0,872 0,694 
TR 0,646 0,812 0,604 
FC 0,580 0,781 0,544 
SQ 0,839 0,903 0,757 
IQ 0,700 0,833 0,625 
SEQ 0,864 0,917 0,786 
CP 0,569 0,777 0,538 
AD 0,788 0,878 0,707 
EHA 0,530 0,810 0,680 
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Table 5. Path Coefficient and p-value 
WarpPLS 5.0 provides the output path coefficient 
and p-value as in Table 5. Computer self-efficacy, 
compatibility, top management support, facilitating 
condition, information quality, complexity and 
adaptability (H1a, H1b, H3a, H3d, H5b, H7a, H7b) 
significantly affect the perceived usefulness of E-
Health. Furthermore, computer self-efficacy, system 
quality, information quality, and service quality (H2a, 
H6a, H6b, H6c) significantly affect perceived ease of 
use on E-Health. Inconsistency is also found in this 
study, where User involvement and Training (H3b, 
H4b, H3c, H4c) has a value that is not significant effect 
on perceived usefulness and perceived ease of use. 
Finally, this study supports TAM because Perception 
benefit and perceived ease of use (H9, H10) have a 
significant effect on E-Health acceptance. 
IV. DISCUSSION 
Based on the results in section 3, there is influence 
from human, organization, technology and innovation 
characteristic. Especially, there is a significant 
influence on Computer self-efficacy, compatibility, top 
management support, facilitating condition, 
information quality, complexity and adaptability 
towards the perceived usefulness of E-Health. 
Likewise, on the factors of computer self-efficacy, 
system quality, information quality, and service quality 
to perceived ease of use E-Health. 
Hypothesis results in Appendix 2, shows that out of 
a total of 32 hypotheses, 16 hypotheses are accepted, 
13 hypotheses are rejected, and 3 hypotheses are 
accepted in part. 
Although several factors affecting E-Health 
acceptance have been identified, user involvement and 
training have no significant effect on both perceived 
usefulness and perceived ease of use. The underlying 
cause of this inconsistency is that the majority of 
respondents aged 20-30 years as many as 31%, who are 
active in working in health services either in the clinic 
or in other health units. Meanwhile, at the Hospital of 
this Gunung Mas district, which is involved in the 
planning and design of system requirements are 
stakeholders with experience of 5 years more work in 
hospitals. The average stakeholders are around> 50 
years old with little knowledge of IT / ICT 
requirements related to local needs. These problems 
make the results of this study not significant to 
perceived usefulness and perceived ease of use. This 
result is supported by previous research by [12]. As for 
training, users do not feel usefulness and ease of use, 
because due to training and socialization either from 
the provincial health department or central government 
is still gradual in building E-Health program. In 
addition, limited training in rural areas is also more 
difficult because of the great distances, time and costs 
required. In this case only a few stakeholder 
representatives and not a direct-use-system medical 
practitioner, who participated in E-Health training and 
socialization at provincial or central level. 
Furthermore, an explanation of the significant 
factors affecting PU and PEOU: 
A. Computer self-efficacy, compatibility, top 
management support, facilitating conditions, 
information quality, complexity, and adaptability 
significantly affect perceived usefulness in E-
Health. 
Based on Table 5, Computer self-efficacy has the 
p-value <0.05 to PU. It means the CSE Relationship 
with PU is higher towards E-Health   information 
systems as a supporter. Users feel they are using a very 
useful system, so users can either self-evaluate or 
group in case of changes, or system updates, especially 
in rural areas. These results support the research of 
Hsiao et al, (2013) [18], and Handayani et al, (2016) 
[11].  
The COMP factor to PU has p-value <0,05. This 
means that the COMP factor is stronger and positively 
valued for the benefits of technology. Users feel the 
need to match E-Health   needs based on user value, 
needs, and experience [11]. Users feel the benefits 
gained can improve health services. 
Furthermore, relation of TMS to PU has p-value 
<0,05. This means that TMS stakeholders in the clinic 
and the unit in the hospital feel the benefits gained from 
E-Health   technology in terms of providing health 
services, especially to rural communities. These results 
support the research of Hsiao et al. (2013) [18].  
The relationship between FC and PU has a value of 
p-value <0.05 significantly affects the acceptance of E-
Health implementation. Users feel the benefits, from 
facilitating conditions. In rural areas, in particular, 
facilities are the main factor supporting E-Health, but 
the inhibitor is the long distance and the many costs 
required to reach the hospital. These results support 
Ross et al research, (2016) [26] and Wang (2017) [31].  
The IQ factor and PU begins with the p-value <0.05, 
which means, that the quality of information 
 Path coefficient p-value 
PU PEOU EHA PU PEOU EHA 
PU   0,232   0,002 
PEOU   0,318   <0,001 
CSE 0,480 0,421  <0,001 <0,001  
COMP 0,213 -0,018  0,004 0,411  
TMS 0,103 0,124  0,099 0,061  
UIV 0,052 0,034  0,261 0,340  
TR 0,057 0,050  0,242 0,268  
FC 0,258 0,040  <0,001 0,310  
SQ -0,045   0,285  0,291 <0,001  
IQ 0,158 0,196  0,024 0,007  
SEQ 0,079 0,348  0,164 <0,001  
CP 0,250 0,104  <0,001 0,097  
AD 0,286 0,050  <0,001 0,267  
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significantly affects the perceived usefulness. Users 
feel the benefits of E-Health that provide quality 
information. Users feel E-Health   can provide quality 
data based on timeliness, accuracy, format, integrity, 
and relevance [11]. These results support previous 
research [35], [36].  
CP and PU relationship starts with the p-value 
<0,05. This means that complexity significantly affects 
users' perceived usefulness, users feel fewer E-Health 
benefits due to slow system performance in both 
hardware and software. Inability to provide real-time 
access, security, data entry problems, unplanned speed 
and downtime connectivity is a problem of receiving 
E-Health in rural areas.  These results support the 
research of Ross et al, (2016) [26] and Andargoli et al, 
(2017) [39] on the implementation of E-Health   
technology.  
Relation between AD and PU is seen from the 
result of p-value <0,05. Adaptability factors 
significantly influence the perception of user benefits 
in receiving E-Health technology. Users feel the 
benefits of adaptability to E-Health as supporting 
health information technology. The result certainly 
needs support from the users themselves for their 
willingness to try new things and take risks [26]. 
Compliance with technology needs as well important 
in implementing E-Health   especially in rural areas 
[40].      
B. Computer self-efficacy, system quality, information 
quality, and service quality significantly affect 
perceived ease of use in E-Health. 
The relationship of self-efficacy computer with 
PEOU begins with the p-value <0,05. Computer self-
efficacy has a significant impact on perceived ease of 
E-Health. Users feel the evaluation factor of E-Health 
technology is either done alone or in groups depending 
on the difficulty and ease of use of the technology itself. 
This is supported by the profile of respondents where 
as many as 11% of users completed their work using a 
computer. These results are supported by research from 
Cresswell et al, (2013) [12].  
The SQ factor and PEOU is based on p-value <0.05, 
which means, System quality significantly affects the 
perception of ease of use for E-Health technology. 
Users feel the interface interaction between users and 
the system affects the ease of using E-Health. These 
factors have an impact on system response rates, 
consistent level of interface excellence, documentation 
included in system quality. This result is supported by 
previous research from Cresswell et al, (2013) [12].  
Relation of IQ and SEQ with PEOU is also 
significant where p-value <0.05. Users feel that the 
quality of information related to time accuracy, data 
relevance, and format affects the E-Health ease of use. 
This result is supported by the profile of respondents 
where as many as 29% of employees in hospital aged> 
50 years. These results are supported by previous 
research by Handayani et al, (2016) [11] and Hsiao et 
al, (2013) [18]. Meanwhile, for service quality, users 
feel the ease of using E-Health related to all health 
service activities, especially E-Health as supporting 
hospital information system. This, of course, supports 
long-distance health services conducted by district 
hospitals with provincial hospitals in Central 
Kalimantan. This result is supported by previous 
research [37], [38].    
C. Perceived benefits and perceived ease of use 
significantly affect the implementation of E-Health. 
Lastly, for PU factor and PEOU on the acceptance 
of E-Health can be seen from p-value <0,05. This 
means that PU and PEOU significantly influence the 
acceptance of E-Health. This result is supported by 
previous research [18], [47].  
Although health services in rural areas are still in 
limited condition, medical practitioners support 
government programs in developing E-Health   as 
supporting hospital information technology, especially 
in rural areas [48]. Medical practitioners accept the use 
of E-Health   as a supporter of hospital information 
technology if beneficial, useful and easy to use in their 
work [18]. When they have a positive attitude their 
acceptance of E-Health will also be high.   
The government should put more effort into 
implementing E-Health in rural areas. The most 
important thing especially for medical practitioners as 
E-Health users.    
V. CONCLUSION 
Based on the E-Health acceptance evaluation 
framework, it can be concluded that the characteristics 
of human, organization, technology, and innovation 
have a significant impact on the perceived usefulness 
and the perceived ease of use in the application of E-
Health as supporting health information technology in 
the hospital. Training materials, the introduction, and 
education of E-Health socialization should also be 
routinely performed on each individual medical 
practitioner. Of course, supported by the condition of 
adequate facilities to be able to produce a good quality 
system, information, and service. Support for 
implementing E-Health in rural areas should also be 
carried out by the central government more broadly. In 
order not only socialization to medical practitioners but 
also socialization to the rural community, about the 
importance of applying E-Health to improve health 
service. This activity can be done by conducting social 
health services as well as an introduction to schools in 
rural areas. 
In this evaluation, we hope that this research can p-
value as a recommendation and consideration in 
applying E-Health, especially in rural areas.   
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CSE COMP TMS UIV TR FC SQ IQ SEQ CP AD PU PEOU EHA 
CSE 0,859              
COMP 0,725 0,819             
TMS 0,649 0,732 0,810            
UIV 0,543 0,510 0,606 0,841           
TR 0,420 0,535 0,584 0,634 0,804          
FC 0,152 0,324 0,322 0,165 0,226 0,833         
SQ 0,529 0,590 0,563 0,582 0,455 0,333 0,777        
IQ 0,462 0,534 0,651 0,439 0,549 0,477 0,557 0,738       
SEQ 0,394 0,550 0,596 0,413 0,448 0,492 0,634 0,721 0,870      
CP 0,384 0,469 0,533 0,594 0,517 0,162 0,619 0,499 0,493 0,791     
AD 0,557 0,593 0,644 0,604 0,561 0,134 0,739 0,480 0,427 0,698 0,887    
PU 0,312 0,352 0,498 0,527 0,415 0,338 0,575 0,492 0,424 0,545 0,593 0,734   
PEOU 0,549 0,548 0,533 0,487 0,509 0,190 0,576 0,409 0,296 0,579 0,652 0,613 0,841  
EHA 0,453 0,451 0,393 0,470 0,455 0,137 0,573 0,431 0,277 0,517 0,588 0,698 0,817 0,825 
Note: CSE, Computer self-efficacy; COMP, Compatibility; TMS, Top management support; UIV, User Involvement; TR, 
Training; FC, Facilitating Condition; SQ, System quality; IQ, Information quality; SEQ, Service quality; CP, Complexity; AD, 
Adaptability; PU, Perceived Usefulness; PEOU, Perceived Ease of use, EHA, E-Health Acceptance.  
Appendix 2 
Hypotheses Parameter Path Coefficient p-value Conclusion 
H1: Human characteristic has a significant impact 
on users perceived E-Health   usefulness. 
   Accepted 
H1a: Computer self-efficacy affects users 
perceived of E-Health   usefulness  
PU ← CSE 0,480 <0.001 Accepted 
H1b: Compatibility affects users perceived of E-
Health   usefulness 
PU ← COMP 0,213 0.004 Accepted 
H2: Human characteristic has a significant impact 
on users perceived E-Health   ease of use. 
   Partial Accepted 
H2a: Computer self-efficacy affects users 
perceived of E-Health   ease of use. 
PEOU ← CSE 0,421 <0.001 Accepted 
H2b: Compatibility affects users perceived of E-
Health   ease of use. 
PEOU ← COMP -0,081 0.411 Rejected 
H3: Organizational characteristic has a significant 
impact on users perceived E-Health   usefulness. 
   Partial Accepted 
H3a:  Top Management support affects users 
perceived of E-Health   usefulness. 
PU ← TMS 0.103 0.099 Accepted 
H3b: User Involvement affects users perceived of 
E-Health   usefulness. 
PU ← UIV 0.052 0.261 Rejected 
H3c: Training significantly affects users perceived 
of E-Health   usefulness. 
PU ← TR 0.057 0.242 Rejected 
H3d: Facilitating Condition affects users perceived 
of E-Health  usefulness.  
PU ← FC 0.258 <0.001 Accepted 
H4: Organizational characteristic has a significant 
impact on users perceived E-Health   ease of use. 
   Rejected 
H4a: Top Management support affects users 
perceived of E-Health   ease of use. 
PEOU ← TMS 0.124 0.061 Rejected 
H4b: User Involvement affects users perceived of 
E-Health   ease of use. 
PEOU ← UIV 0.034 0.340 Rejected 
H4c: Training affects users perceived of E-Health   
ease of use. 
PEOU ← TR 0.050 0.268 Rejected 
H4d: Facilitating Condition affects users perceived 
of E-Health   ease of use. 
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Hypotheses Parameter Path Coefficient p-value Conclusion 
H5: Technology characteristic  have a significant 
impact on users perceived E-Health   usefulness  
   Partial Accepted 
H5a: System Quality affects users perceived of E-
Health   usefulness. 
PU ← SQ -0.045 0.291 Rejected 
H5b: Information Quality affects users perceived 
of E-Health   usefulness. 
PU ← IQ 0.158 0.024 Accepted 
H5c: Service Quality affects users perceived of E-
Health   usefulness. 
PU ← SEQ 0.079 0.164 Rejected 
H6: Technology characteristic has a significant 
impact on users perceived E-Health   ease of use. 
   Accepted 
H6a: System Quality affects users perceived of E-
Health   ease of use. 
PEOU ← SQ 0.285 <0.001 Accepted 
H6b: Information Quality affects users perceived 
of E-Health   ease of use. 
PEOU ← IQ 0.196 0.007 Accepted 
H6c: Service Quality affects users perceived of E-
Health   ease of use. 
PEOU ← SEQ 0.348 <0.001 Accepted 
H7: Innovation characteristic  have a significant 
impact on users perceived E-Health   usefulness 
   Accepted 
H7a: Complexity affects users perceived of E-
Health   usefulness. 
PU ← COMP 0.250 <0.001 Accepted 
H7b:  Adaptability affects users perceived of E-
Health   usefulness. 
PU ← AD 0.286 <0.001 Accepted 
H8: characteristic has a significant impact on users 
perceived E-Health   ease of use. 
   Rejected 
H8a: Complexity affects users perceived of E-
Health   ease of use. 
PEOU ← COMP 0.104 0.097 Rejected 
H8b: Adaptability significantly affects users 
perceived of E-Health   ease of use. 
PEOU ← AD 0.050 0.267 Rejected 
H9: The perceived usefulness of users affects E-
Health   acceptance 
EHA ←  PU 0.232 0.002 Accepted 
H10: The perceived ease of use of users affects E-
Health   acceptance 
EHA ← PEOU 0.318 <0.001 Accepted 
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